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Table: #B7E R3S L AIMERE

Methods Unipen (accuracy) Washington (mAP)
Heuristic (baseline) 0.634 +0.007 0.613 4+ 0.038
GraphInk 0.701 £+ 0.007 0.630 +0.034
GraphInk w.o. embeddings  0.680 + 0.008 0.622 £+ 0.035

Table: ZEHE I3 8 S LAY 10U

Masks Unipen Washington

Stroke masks ~ 0.963 + 0.0004 0.918 + 0.005
Keypoint masks 0.477 +0.003 0.528 & 0.005
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LIULIAN

dE/ Click to play - #TCIEREC sULANBFTH M

liulian-python: Hi[AI 23/ EEHRIIES IS LIGHES  github.com/jajupmochi/Liulian-python
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5 FE + GNN

IN23[& + Transformer
MAE 5.6 kcal/mol

RMSE 0.7°C

liulian
Hills — 444 — PR

SAM + Transformer
HERIER 70.1%
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o EIEREEIA (Graph Foundation Models)
o MYIZRAMBEIGRT, BEasiE
o M LLM Hé5m &R AE

o EHUTAS)
o IKCHHIINZS BRI — 2338, RETRMIZS
o N FETIE - MREE. ikl

o ZEEEYS
o FEEMIE. XA, EIEMG—4>]
o Vision-Language-Graph AAf&%!

° \rﬁéﬁ%&
o liulian “FEHEY R, WLELE!
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NMS A fE B
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Algorithm Non-Maximum Suppression (NMS) for Probability Maps

1:
2:

— =

S e AR L

Input: #RE P, FHEEE rhms, MEREIE 7
Output: FafalfEHI T RE V/

TR P(n) BRFHESIATE 19 A
R P(n) < 7 BT
WG V! 0
for HEFAIRHAHIEN T R ndo
if V/ R A n’ 2 dist(n, n’) < ryms then
B n AV
end if
end for
return V/
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Unipen Washington
10 0.8 0.873 0.846 o 0.785 0.777
0647
. 11 - i W o=
] ]
FRll 0867 | ose1 | 0841 [EETLEEE-E 0.785 | 0.777 0647 [mmore
[:3 o
9 7] %)
r ‘ e H H
- o, d SO z z
rs_s e 3 ° > 5 ¢ 5 PRl o854 Ol mmos: Qo 0.783 | 0772  0.639 [mmorss
Sl gC = P AL A AL E =
co
8 24 0s 10 4 6 8 16 05 10

Stroke NMS Radius Stroke NMS Radius
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re=12, &%ﬁé@t&&,&mﬁ RIF NMS 242 R RS MR

A NMS 42 R EFRBUICR
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